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Why use Battery-free and MilliMobile Platform

5
Mobile Microrobots? Intermittent computing and

locomotion techniques allow §
MilliMobile to run on pWs of S
solar or RF power, with TMB £ §

Flash & 256 KB RAM onboard.t = = S
The capacitor-driven max  FRESEsie ~
speed is 5.5 mm/s indoors.

Preliminary Model Results

Dataset: Zenodo Insect Classification V2 [7/]
scaled to 96x96 px and grayed to meet the
MilliMobile’s memory constraint. Power con-
straints are scaled by the duty cycle of the MCU.

Goal: Battery-free robots [1,2] with on-device
computer vision can reduce e-waste [3] and
have the potential to operate indefinitely. This
could allow for more sustainable mobile,
autonomous sensing devices for industrial,
environmental & disaster recovery applications.
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Benefits of Microrobot Swarms: MilliMobileNet outperforms smaller models after e Finalize satisfactory model accuracy and max
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